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Harmonic fingerprints use the circle of fifths as a metaphor to display note statistics of measures inside a musical
score. The radial representation enables the comparison of geometrical shapes between different chords.

The Methodology Transfer Model
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The Methodology Transfer Model (MTM) enables scientific

Rhythmic Fingerprints
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Rhythmic fingerprints reveal rhythmic patterns based on a pie chart metaphor using standard note durations.
Notes of longer duration are at the center and shorter notes at the outer discs. Color supports identification.
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Hierarchical Segmentation of Music Compositions
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Aggregation of Statistical Music Data at different Levels of Abstraction =
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Different levels of abstraction allows analysts to investigate musical scores from various perspectives supporting tasks such as comparison or exploration.
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Each composer has a specific epoch in which they did their life's work.
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Musical works typically belong to a certain musical category: e.g., fugues.
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3 Serenade from String Quartet, ... Franz Joseph Haydn serenade Leveraging data transformations such as multi-dimensional scaling are a famous data
0 Arpeggione Sonata Franz Schubert sonata analysis technique to prepare two-dimensional visualizations for comparison and
9 Nocturne in E Flat Major Op. 9 ... Frédéric Francois Chopin nocturne Identification tasks. Different visual variables such as shapes, colors, size, or position
0 The Firebird (part 3) Igor Stravinsky no form [ Melodic Features ] [ Pitch Features ][ Rhythm Features ] are utilized to facilitate the visual analysis to improve the understanding of complex
0 Minuet in G Major BWV Anhang 1..  Johann Sebastian Bach T data. In this example, color is used to encode to which epoch a composer belongs.

The feature matrix allows music analysts to compare single compositions or
grouped collections based on musical features from different categories.

In this example, tonal compositions can be easily distinguished from atonal pieces.
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Exploring and sorting sheet music based on metadata.
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